25

Inlernal::nal Journal ﬂl:rll.ll:l“cﬂllllll or innovation ij ai em . COm/M ay 2023/ VO I u me 12/ I Ssue 1/Arti C | e NO- 1/17-24
ISSN: 2319-4847

INTELLIGENT CLAIMS MANAGEMENT IN
INSURANCE: THE ROLE OFAI IN MODERN
POLICY SYSTEMS

Padmaja Dhanekulla
Connecting People LLC, USA

Article Info

Received: 27-04-2023 Revised: 07 -05-2023 Accepted: 15-05-2023 Published:25/05/2023

Abstract - This journal seeks to understand the capability of artificial intelligence (Al) as a tool in redesigning
claims management in the insurance sector. The benefits of integration of those tools such as machine learning,
natural language processing and robotic process automation are increased in processing speed, accuracy and
detection of fraud, thereby improving the claims processing systems. On the same note, the use of Al solutions
affects customer satisfaction mainly because one is able to get results quickly or services that are customized to
their needs. Continuing innovation, the session highlighted the need for ethical and regulatory frameworks to

positively impact the delivery of good artificial intelligence in claims management.
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l.Introduction

Acrtificial intelligent claims management is the new trend in the insurance industry as a way of increasing efficiency
and accuracy and enhancing the customer experience. Al Application in PAS has also helped to simplify the
payments and claims processing, reduced various issues that are normally associated with manual processing and
has enhanced quick response in the same. Al tools in this area make it easier to address fraud since tendencies are
named based on data to prevent false claims and money loss. Al-driven tools also offer better value to customers
since they get faster and more personalized services. In this paper the potential of Al application in claims
management will be examined based on the aspects of processing speed, fraud and consumer services.
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I1.Aims and Objectives

Aim
The aim of this research is to review the solutions that facilitate the performance of claims processing in the
insurance sector to better efficiency as well as detecting fraud and improving the perception that clients have of an
insurance company.
Objectives:
e To examine the currently implemented Al technologies that may be applied to PAS to continuously
improve the process of claims processing
e To assess application of high-level analyses as a mitigation approach for enforcing reductions of fraudulent
claims by Al
e To examine the Al-driven solutions that affect service quality and client happiness
e To investigate the risks and constraints towards Al Adoption and case management with specific reference
to Data Security Issues and Operational Costs

I11.Research Questions

e What Al technologies have not yet been integrated with a PAS in order to improve claims processing at the
moment?

e What extent can first level Al-high level analyses enable insurance companies to detect and prevent
fraudulent claims?

e \What are the ways to find Al driven solutions which affect the quality of services and the level of
satisfaction of clients approached in claims management?

e \What are the general risks and several key specific limitations that one should consider deciding to use Al
in claims management?

IV. Literature Review

Al Technologies in Policy Administration Systems (PAS)

Al technologies like machine learning, natural language processing (NLP) and robotics process automation are
deeply integrated into Policy Administration Systems (PAS) to make claim management on par with the present-day
technology standards. NLP is used to solve the problem of handling unstructured data such as claim forms and
customer communications data is selected for quick and accurate processing [1]. PAS, the activities like data entry
and validation were mostly minimized and reduced its reliance on manual engagements. The data analysis
algorithms allow systems to make pattern and trend analyses on big data sets for accurate assessment of claims and
for fraud identification [2]. On the other hand, the significance of those Al tools to the claims processing is the
containment of operations and effective acceleration of evaluation of the related claims, cutting out human errors.
On the other hand, Al automates several trivial tasks as a way of freeing up the time of the claims adjusters and thus
improving efficiency in their work [3]. Some of the previous research shows how Al implementation is possible in
PAS.
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Fig.1. Al in fraud detection
Al Driven Techniques used for Detecting Fraud in Policy Claims to Improving Results, Performance and
overcoming Issues.
Automated fraud prevention in insurance leverages the analysis of patterns of behaviour, use of historical data to
forecast potentially fraudulent cases and the use of algorithms to detect improbable patterns [4]. On the other hand
the anomaly detection algorithms are used to scan claim data to look for data patterns that are inconsistent or
suspicious and therefore potentially fraudulent, predictive analytics involves modeling future fraudulent activities
statistically [5] .The improvement brought by pattern recognition supports the identification of fraud by repeating
similar fraud indicators among various claims. Al enhanced fraud detection has improved accuracy and efficiency in
the detection of the fraud. The Al makes sure that there are few false positives and few false negatives and hence the
detection ratio of both legitimate claims and fraudulent cases are on the higher side and the clients will be less
unsatisfied. These systems must process large amounts of data within a short period and can easily recognize fraud,
which is difficult with conventional techniques. However, Al-based fraud detection is not without limitations; for
example, it may take data bases that complicate accuracy, huge data sets to provide accurate models, and the fact
that it may be easy to deceive by sophisticated fraud processes.
Impact of the Barriers to Understanding the Effects of Artificial Intelligence on Customer Satisfaction and Trust
in Claims Processing
The automated approach using Al to dealing with customers has indeed revolutionized ways of handling claims.
Customer support is always quickly available through virtual assistants, chatbots and other automated response
systems, always available, always helpful [6]. Analyses also evidence how the use of Al in response to common
customer inquiries cuts down on clients’ wait time to receive information on their claims and frustration waiting for
client service but critics of Al use in response to customer complaints feel that the use of mechanized responses feel
cold and impulsive, thereby eroding customer trust. On the other hand, the change is associated with personalization,
answers to inquiries depend on the past conversation and claims history rendering faster and more relevant
consumer assistance [7]. Though there is evidence that personalization enhances satisfaction, it also shows that
clients may shy away from excess use of Al since sometimes they like to speak with a real person for complicated
problems.
Challenges and Limitations of Implementing Al in Claims Management
There are some issues arising from applying Al in claim management most of which are relevant to data protection
and control. One cannot allow violations of data protection laws and valuables like customer information are at the
heart of the business [8]. It is easy for critics to conclude that, while the benefit of such processing is realized by Al,
so is the risk of exposure to potential breaches, which means that durability, cannot be an option. The last limitation
is Algorithmic bias in the Al systems; the analysis reveals that there can be biases with an adverse effect on specific
demographics in the claim assessment. While further improvement in those algorithms is still being researched,
there is always the problem of finally eradicating bias which is a cause for more ethical dilemmas as to fairness.
Advanced progress, operational costs, and infrastructure demands all contribute to the issue with Al [9]. Public
cloud archetypes adopt an operating expense model, which means that initial expenditure is on the higher side and
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demands scalable and flexible architecture to accommodate changes, but insurers who are limited by capital burden
may feel the heat.

in Insurance Industry
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Fig.2. Benefits of Al in insurance industry

Literature gap

Although there has been a considerable advancement in Using Al to Claims Management, the following gaps have
been found in literature. Although prior research has considered the benefits of Al in furthering changes to processes
and implementing improvements in production of clearing claims, little research has assessed the consequences [10].
Al will have for customer satisfaction over the long-term, especially in contentious or delicate scenarios. The ethical
questions dealing with algorithmic prejudice and parity in claims’ assessment remain unanswered. This absence of
integration of equitable treatment and the lens of ethical concerns that relate to Al-profitability claims assessment is
a subject that requires further study and innovation.

V. Methodology

The method of using secondary data is employed together with a qualitative interpretive researchparadigm. This
approach is chosen with the aim to gain a rich understanding of how the specific Al applications are used, and with
what impact on fraud detection, customer satisfaction, operational efficiency, and other factors, what the challenges
are and what the ethical issues that emerge are. In order to do so, this paper focused on the use of literature to
support its argument. The purpose of utilizing literature reviews, industry research, and case studies is that the study
derives conclusions that represent the full range of opportunities and challenges with Al technologies in insurance
from the current system’s comprehensive body of knowledge.

Based on this understanding, this study adopts an interpretivism philosophy given the personal perceptions and
social processes involved in Al integration in claims management. Interpretivism aligns well with the goal here as it
is interested in the complex manner that application of Al technologies affects claims processing, customers
Touchpoint and organisational practices. This philosophical approach considers the importance of stakeholders
including insurers, Al developers and customers, through the angle of perceiving and interacting with Al solutions,
which helps the study to understand their experience levels [11]. Due to consideration of these multiple perspectives,
the interpretivism enables a multiperspective evaluation of the roles of Al in claims management that do not merely
emphasize on the quantitative and efficiency factors.

The research utilises secondary data, and therefore, qualitative thematic analysis is used as a technique of
examining the data systematically. This approach comprises analysing and interpreting relevant themes from the
current literature including current research, industry reports, and case studies that explore Al in claims
management. Therefore, thematic analysis is suitable since it enables the research to focus on the cycles, emerging
issues, and factors shaping the outcomes with regard to Al impacts on business activities and users’ perceptions
[12]. The topics discussed include the effectiveness of Al systems for fraud detection, the potential of using Al
systems to improve customer perception and experience, and the inherent issues of data confidentiality and self
learning algorithms.
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Fig.3. Methodology Overview for Al in Claims Management

Data collected from secondary sources would be coded through the qualitative thematic analysis process to
categories information on specific Al use, outcomes and the effects on claims management. The following topics
will be used to cover aspects of the relationship between technology and human factors at the scene of the alleged
crime: ‘fraud detection efficiency’, ‘client satisfaction’, ‘data privacy issues’, implementation difficulties. This
method would eliminate the possibility of the research concentrating on single incidence and would be able to look
at the bigger picture and clearly define the role Al plays in the industry. That this study employs the interpretivism,
qualitative framework instead of a purely quantitative one has the following advantages. For instance, it enables the
research to consider not only effectiveness of the use of Al but also respondents’ perceptions of the topic including
data protection or reliance on Al. While this type of approach is particularly helpful under conditions, algorithms
have to be applied to tightly measurable variables, such as underlining customer satisfaction or ethical issues, which
play a crucial role in understanding the overall picture of claims management with the help of artificial intelligence.
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V1. Data analysis

Theme 1:0ptimising AI’s Effect on Claims Processing can be based on increasing the speed, reduces the number
of errors, and decreases cost.

Al increases the efficiency in handling of claims as it progresses in speed, accuracy and cost reduction.
Downstream, continuous claims processing with advanced technologies such as machine learning and RPA not only
tactfully presents claims handling time savings by automating tedious processes. This shift reduces the frequency of
interjection so that its users have more time to engage with hard problems that require a human touch. Furthermore,
using data, Al algorithms process them more effectively than traditional techniques and minimize chances of errors
that may slow down the process or cause a dispute over the claims [13]. The above processes are time-saving since
fewer people are employed to control various tasks common in most insurance companies.

Theme 2: Emphasising on Al for achieving the goals of Fraud Detection and Risk Management

Fraud risks mitigation through Al entails the use of; Anomaly detection, predictive analytics, pattern recognition to
detect and prevent fraud claims. To some extent, these technologies improve accuracy as they can rapidly scan large
data arrays for oxymoronic patterns and thus lower both False Positives and False Negatives. Al has its issues; one
of them is the reliability of the detection algorithm for potential bias and the second is the large amount of data
required for making the effectiveness better [14]. It is important to tackle these problems as inaccurate fraud
identification may weaken credibility and elevate operation risks, which affect the general legitimate claims
processing.

Theme 3: Al role in Customer Attitude and Customization explains the impact of automated communication
process and customised services on the level of trust.

Automated interactions like the use of a chat bot or virtual assistant helps the customers get prompt, round the clock
support eventually improving customer satisfaction. Personalization algorithms subsequently enhance service as
client replies are determined by history and preferences, which may help increase trust with customers [15].
Contrarily, What the various studies point at is the fact that automating the service delivery results in efficiency, but
is perceived as impersonal, may negatively impact the level of trust customers have in the service especially when
dealing with complicated service issues [16]. The use of both self-service and human assistance is very important to
keep trust between the company and the customers by providing efficient and perceived support.

Theme 4: The main issues of implementing Al in insurance are discussed, including data privacy, bias,
infrastructure costs, regulation.

The main issues that arise when applying Al in insurance includes that data privacy and protection, algorithm and
model bias as well as high initial investment in insurance. Customer data is the most sensitive detail that must be
protected by insurers since so many regulations require compliance at all costs. Preconceptions imbibed by
algorithms when building Al models may result in unfair claim assessment, or what may be considered unethical
[17]. Furthermore, the expenses towards the procurement of readable, elastic, and timeless intelligent post
architecture can be overwhelming, particularly for start-up firms. Solving these issues is crucial for the advanced,
notharmful implementation of artificial intelligence in claims processing.

VII. Future Directions

Avreas of future development of application of Artificial Intelligence in claims management concern the expansion of
integration with new technologies such as 10T and a further application of advanced Big Data analytics. Other 10T
data, including telemetric in auto insurance help reduce claims based on real time data hence boosting accuracy and
customer segmentation [18]. Moreover, as the Al algorithms become more sophisticated, the probability of
decreasing biases and enhancing fairness as well as increasing claims transparency will increase too. More
regulation and ethics will also mean better and accountable implementation of Al, which means future systems will
have improved security, efficiency, and customer-centred claims processing solutions.

VI1II1. Conclusion

This journal concludes by asserting that Al is currently residing in insurance in claims management where it is
enhancing efficiency, precision and customer friendliness. Al through machine learning, NLP and RPA helps also in
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effective first pass claims review and improves fraud and waste identification. However, some obstacles can be
listed, including data protection issues, biases in algorithms, and high levels of costs associated with application of
the discussed models. These systems have been boosted by ethical standards and regulatory support and future
developments in Al will continue to improve them. Equal collaboration between Al and human insurers will enable
the establishment of more productive and efficient claims services that better appreciate customer needs hence
further boosting the business’s performance thus improving customer comprehension and trust.
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